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Research questions

- What words are most associated with the topic? Can we identify iphone 16 features from the most used ones?

- What sentiment is associated with iphone 16 features?

- Have feature sentiments shifted before, during and after the apple event?

- Has spam comments density shifted before, during and after the apple event?

- What are the accounts that produce the most spam?

- What percentage of anomalous accounts generate spam?

- Are the nodes central because they produce spam or because of engagement?

- Are spam generator accounts likely to comment on the same videos (target similar videos)? What about anomalous
accounts? what about accounts with similar sentiment behaviour?

- Is the spam percentage in the biggest communities higher than the general spam percentage?

- How is the sentiment distributed across the biggest communities?



Spam Classifier – Downloaded dataset



Spam Classifier – Semi-Supervised Learning Labelling
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Spam Classifier – Custom Transformers



Spam Classifier – Custom Transformers



Spam Classifier – Custom Transformers



Spam Classifier – Pipelines



Spam Classifier – Pipelines



Spam Classifier – Nested Stratified Cross validation
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Spam Classifier – Model Selection



Spam Classifier – Fine tuning best model



Spam Classifier – Fine tuning best model



Spam Classifier – Learning curve



Spam Classifier – Validation curve



Spam Classifier – Validation curve



Spam Classifier – Predicting Spam Comments Results

RESEARCH QUESTION: Has spam comments density shifted before, during and after the apple
event?



Spam Classifier – Predicting Spam Comments Results

RESEARCH QUESTION: What are the accounts that produce the most spam?



Emotions Classifier – Structure
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Emotions Classifier – Hugging Face's Transformer



Emotions Classifier – Emotion Classification Tuning / Extraction

Classified as 'neutral' low confidence scores



Data Analysis –Wordcloud



Data Analysis – Extracting insights from wordcloud

RESEARCH QUESTION: What words are most associated with the topic? Can we identify iphone
16 features from the most used ones?

Identified features

Still in use?



Data Analysis – Extract Emotion per Topic



Data Analysis – Convert Emotions to Sentiment

Set "surprise" as "neutral" because it can be both
positive or negative



Data Analysis – Sentiment per topic

RESEARCH QUESTION: What sentiment is associated with iphone 16 features?

RESEARCH QUESTION: Have feature sentiments shifted before, during and after the apple
event?



Data Analysis – Results



Data Analysis – Results



Data Analysis – Results



Data Analysis – Results



Anomalies Classifier – Structure
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Anomalies Classifier – Cleaning and Merging



Anomalies Classifier – Feature Extraction



Anomalies Classifier – Pipelines



Anomalies Classifier – Anomaly Detection Phase



Anomalies Classifier – "Hyperparameter Tuning"



Anomalies Classifier – Assign Prediction (and output file)



Network Science – Before



Network Science – After

There's an evident increase in engagement in the graph
obtained after the event, the size increases exponentially
as more and more people comment on the same videos



Network Science – Degree Probability Distribution



Network Science – Centrality (Pearson Correlation)



Network Science – Centrality

The values differs between different centrality measures but the rankings looks similar. There are accounts that
appear in the top 5 of every centrality measure



Network Science – Centrality (Kendall Correlation)



Network Science – Spam in central nodes

RESEARCH QUESTION: Are the nodes central because they produce spam or because of 
engagement?



Network Science – Transitivity



Network Science – Transitivity



Network Science – Attribute Assortativity

RESEARCH QUESTION: Are spam generator accounts likely to comment on the same videos
(target similar videos)? What about anomalous accounts? what about accounts with similar
sentiment behaviour?



Network Science – Assortativity Mixing Matrix



Network Science – Community Detection



Data Analysis – Communities spam/sentiment analysis

RESEARCH QUESTION: Is the spam percentage in the biggest communities higher than
the general spam percentage?

RESEARCH QUESTION: How is the sentiment distributed across the biggest communities?



Network Science – Communities spam/sentiment analysis
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